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ABSTRACT 

Online reviews are vital for e-commerce, yet motivating consumers to write them remains challenging. While 

financial incentives are commonly used, they can crowd out altruistic motives, leading to suboptimal outcomes. 

Drawing on Social Exchange Theory, this study examines how the beneficiary of altruism (the company vs. other 

customers) moderates the impact of incentives on review-writing decisions. We test our hypotheses in a quasi-

experimental field study in collaboration with a major North American online retailer and a controlled experiment. 

Our findings show that reinforcing altruism through helping the company negatively interacts with financial incentives 

compared to helping other customers. We contribute to the literature on altruism, Social Exchange Theory, and eWOM 

creation and propose a cost-effective and straightforward modification to review solicitation messages to boost review 

volume. 
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1. Introduction 

Online product reviews are important for retailers because they impact sales, shape consumer beliefs, and impact 

brand reputation (Z. Li et al., 2025; Liu et al., 2022; Q. Lu et al., 2014). An industry report shows that displaying 

online reviews increases purchase likelihood by 270% for low-price retailers and up to 400% for high-end gift retailers 

(Medill Spiegel Research Center, 2021). Online reviews shape consumer beliefs by impacting the perceived affective 

quality and trust in the product (Benlian et al., 2012) and help customers learn about online products and retailers 

before making a purchase decision (X. Lu et al., 2014). They also affect the presence of brands in consumers’ 

consideration set (Floyd et al., 2014).  
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Consumers mainly produce online reviews voluntarily, which can lead to under-provision (Fradkin & Holtz, 2023). 

For instance, Jindal and Liu (2008) found that most of Amazon’s products have no reviews. This is problematic for 

retailers, as it has been shown that having a minimum number of reviews for a given product is necessary to convince 

online shoppers to buy the product (Askalidis & Malthouse, 2016). This under-provision of reviews has led some 

retailers to utilize reward systems to solicit reviews. These reward systems take various forms. For instance, some 

firms offer free products, store discounts, or loyalty points in exchange for reviews (Smith, 2021). Yet, the most widely 

used type of reward is financial incentives (Stephen et al., 2012). 

Financial incentives are only one of the many motivations for writing an online review. Hennig-Thurau et al. 

(2004) propose a typology that includes prosocial motives such as concern for other consumers and helping the 

company. They also find that consumers can display multiple motives simultaneously. However, combining different 

motives is not always additive (Frey and Oberholzer-Gee 1997; Gneezy and Rustichini 2000). In the context of online 

reviews, this can lead to negative spillover effects, where incentivizing reviews undermines a user's altruistic 

motivation to help others (Qiao et al., 2020; Reimer & Benkenstein, 2016). This presents a critical puzzle for retailers 

seeking to increase review volume without undermining the prosocial norms that sustain their communities. 

This crowding-out phenomenon presents a challenge to the classic tenets of Social Exchange Theory (SET; 

Homans 1958; Jahan and Kim 2020; Lysenstøen et al. 2021), which would predict that increasing rewards should 

straightforwardly increase behavior. Our research tackles this theoretical tension. We extend SET by proposing a 

critical boundary condition that explains when financial incentives complement versus crowd out altruism: the identity 

of the beneficiary. Following the call for contextualized theory building (Hong et al. 2014), we argue that the framing 

of the exchange as either social or economic depends on the alignment between the incentive provider and the 

beneficiary of the prosocial act. When the beneficiary is a third party (other customers), the exchange retains a social 

frame, and the incentive acts as a complementary reward. In contrast, when the provider is also the beneficiary (the 

company), the exchange is reframed as a transactional economic exchange, thereby diminishing the effect of altruistic 

motives. 

We operationalize the reinforcement of consumers’ altruism by manipulating the message retailers send to solicit 

reviews. In Study 1, we conducted a one factor between-subjects quasi-experiment using customers from a major 

online retailer. We show that reinforcing altruism leads to more review decisions than not doing so. In Study 2, we 

find compared to helping other customers, reinforcing helping the company diminishes the effect of financial 

incentives. 

Our results provide major theoretical contributions. First, we reconcile Social Exchange Theory (Homans, 1958; 

Honeycutt, 1981) with the crowding-out literature (Deci, 1971, 1975; Frey & Oberholzer-Gee, 1997) by identifying a 

key boundary condition that dictates the outcome of combining financial and prosocial motives. In doing so, we extend 

SET by demonstrating how the identity of the beneficiary shifts the interaction from a social to an economic exchange 

frame. Second, we contribute to the eWOM literature (Babić Rosario et al., 2020) by providing a practical solution to 

the persistent challenge of incentive backfiring. Finally, we offer a nuanced view of altruistic motives in commerce, 

showing that an appeal to help the company can be counterproductive when paired with incentives, unlike an appeal 

to help other consumers. 

Based on our findings, managers can increase the review volume on their platforms by pointing out that the 

reviews can help other customers make better purchase decisions. This simple and cost-efficient modification to the 

review solicitation message can help retailers increase the conversion rate of their review solicitation message by up 

to 56%. 

 

2. Theoretical Framework 

In this research, we follow Hong et al. (2014) in developing our contextualized theory. We ground our theory on 

Social Exchange Theory (SET; Homans 1958). Social Exchange Theory (SET) offers a foundational framework for 

understanding interpersonal interactions as transactions where individuals seek to maximize benefits and minimize 

costs (Homans, 1958; Blau, 1964). SET is characterized by exchange of value between humans, whereby each 

individual responds to the behavior of others by providing a proportionate value (Homans, 1958). In marketing, SET 

provides a valuable theoretical framework for explaining consumer interactions with brands and other customers as 

reciprocal relationships. In these relationships consumers weigh personal investment against potential value they 

receive in that relationship (Thibaut & Kelley, 1959; Emerson, 1976). 

While SET provides a robust framework for exchange, its classic formulation faces challenges in explaining 

contexts where financial incentives for prosocial acts backfire. It is a phenomenon known as the "crowding-out effect" 

(Frey & Oberholzer-Gee, 1997; Gneezy & Rustichini, 2000). A straightforward application of SET would predict that 

adding rewards should invariably increase participation, yet the opposite is often observed (Gneezy et al., 2011; 

Gneezy & Rustichini, 2000). To resolve this tension, we extend SET by introducing a critical moderator that governs 
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tythe nature of the exchange: the identity of the beneficiary of the prosocial act. We argue that this factor determines 

whether an incentive is integrated into a social exchange frame or transforms it into a purely economic one, thereby 

modifying the simple cost-benefit calculus of traditional SET. Our framework thus specifies when financial incentives 

complement prosocial motives versus when they undermine them. 

Following Hong et al. (2014), we set our context to online review writing. Online reviews are a subset of electronic 

word-of-mouth (eWOM; Babić Rosario, De Valck, and Sotgiu 2020). Electronic word-of-mouth (eWOM) enables 

customers to learn about products and to interact socially on retailer platforms (X. Lu et al., 2014) and serve as a 

medium to signal to others about one’s purchase experience (Yoon, 2012). Adapting Hennig-Thurau et al. (2004)’s 

definition of eWOM, Filieri (2015, p. 1262) defines online customer reviews as “any positive, neutral, or negative 

online review about a product or service created and published on a CRW [customer review website] by a potential, 

former, or actual customer”. Many retail websites have become, in effect, review platforms that offer customers the 

opportunity to create online reviews about the products they purchased through star ratings and open-ended text 

(Mudambi and Schuff , 2010). 

Online product reviews are important in consumers’ purchase journey. Potential customers of a product rely on 

online reviews to infer the underlying quality of the product and make purchase decisions based on such inferences 

(J. Wang et al., 2012). They also increase communication among customers and reduce purchase uncertainty (M. Wang 

et al., 2015). Despite their importance for consumers to better assess the quality of products and mitigate online 

purchase risks and for businesses to increase purchase intentions and sales, studies have shown that online reviews 

suffer from under-provision. On Amazon, for instance, most products have zero reviews (Jindal & Liu, 2008), 

substantially reducing their conversion rate (Askalidis & Malthouse, 2016). 

Based on Social Exchange Theory (SET), review writing is a costly task that takes time and effort. The benefit to 

the review writers can be understood through review motives. Several prior works have experimentally explored 

various motives for writing online reviews (Dichter, 1966; Engel et al., 1995; Hennig-Thurau et al., 2004; Sundaram 

et al., 1998). Given the focus of this work on prosocial behavior and financial incentives, we contextually focus on 

three main motives from Hennig-Thurau et al. (2004), namely financial incentives, helping the company, and helping 

other consumers (Hong et al., 2014). These three motives fit well into the Social Exchange Theory framework. 

Some retailers reward reviewers financially to increase the volume of online product reviews (Smith, 2021). 

Financial incentives are one of the primary approaches to soliciting product reviews (Garnefeld et al., 2020). Financial 

incentives for writing reviews are mostly monetary compensations that firms offer to the reviewers in exchange for 

their reviews (Stephen et al., 2012). As an important driver of human behavior, financial incentives are considered a 

manifestation of the firm’s appreciation for the reviewer’s efforts (Lawler, 1982). Based on Social Exchange Theory, 

financial incentives can be strong reinforcers of behavior (Homans, 1958). In the context of online review creation, 

financial incentives are identified as main motives for writing reviews (Hennig-Thurau et al., 2004). 

Many economists assume that self-oriented motives are the main motivation of human beings (Fehr & Schmidt, 

2006). The principal-agent theory in economics claims that performance is positively correlated with financial 

incentives (Alchian & Demsetz, 1972; Fama & Jensen, 1983). This theory suggests that introducing financial 

incentives for participating in a task increases the likelihood of participation. Thus, for online reviews, providing 

financial incentives for writing reviews increases review decision. 
 

H1: Offering financial incentives increases review decision. 

2.1 Altruism 

In the context of online review writing, altruism (i.e., concern for other consumers and helping the company) is 

identified as a main motive for writing reviews (Dichter, 1966; Engel et al., 1993; Hennig-Thurau et al., 2004; 

Sundaram et al., 1998). Altruism has been defined as unconditional kindness, a favor given that is not a response to a 

favor received (Andreoni, 1989; Andreoni & Miller, 2002; Charness & Rabin, 2002; Cox, 2007). An altruist is willing 

to sacrifice their own resources to improve the well-being of others. Theoretically, it has been argued that altruism, in 

its pure form, may not exist, and most seemingly altruistic acts could be explained by self-centered motives (Berger, 

2014). In the context of online reviews, for example, a consumer may claim to write reviews out of concern for other 

consumers, yet this could be driven by a motivation to reap reciprocal benefits in the future, anticipating that fellow 

consumers will, in turn, provide helpful reviews. 

Consequently, we adopt Andreoni's (1989) definition of altruism as a favor not given in response to a prior favor. 

This excludes relationships that are framed in a reciprocal way. In Hennig-Thurau et al. (2004)’s categorization of 

reviewer motives, concern for other consumers and helping the company are classified as altruistic motives. Using 

Andreoni's (1989) definition of altruism, concern for other consumers is indeed altruistic, because the reviewer is not 

responding to a favor received by other consumers. Helping the company can be thought of as altruistic when no direct 

exchange is offered. We acknowledge, however, that this motive is complex and may also be intertwined with 
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relational norms, such as customer loyalty or a sense of reciprocal obligation towards a firm with which the consumer 

has a positive relationship. For the purpose of our framework, we classify it as a prosocial motive directed at the firm, 

which we distinguish from altruism directed at a third party. 

2.2 Multiple motives 

In their empirical analysis of electronic word of mouth (eWOM) motives, Hennig-Thurau et al. (2004) empirically 

segmented reviewers based on their motives for writing eWOM. They found that there is a segment of reviewers with 

multiple simultaneous motives. Theoretically, this is in line with SET because an individual can receive multiple 

benefits for performing a task. In fact, these multiple benefits should compound and make the task more attractive for 

the reviewer. For example, a reviewer can be driven to help other consumers with their review and, simultaneously, 

benefit from the financial incentives that the firm offers them. Multiple-motive reviewers form the most desirable 

segment of the reviewer population. They produce the highest number of reviews and have the highest platform visits 

(Hennig-Thurau et al., 2004). Therefore, retailers should reinforce multiple motives in their reviewers. Reinforcing 

financial incentives is trivially done by offering them. Altruistic motives can be reinforced by reminding reviewers 

that their review helps other customers or the company. 

H2: Compared to offering financial incentives alone (i.e., single motive), supplementing it with a prosocial 

message that reinforces altruism (i.e., multiple motives) increases review decision. 

As discussed, the interaction between financial incentives and prosocial behavior creates a puzzle for a classic 

interpretation of SET. While the theory posits that individuals seek to maximize rewards (Homans 1958), suggesting 

that payment should always increase prosocial acts, a substantial body of research reveals a more complex reality. 

Titmuss (2018) first articulated the concern that paying blood donors would reduce their willingness to donate 

As discussed, the interaction between financial incentives and prosocial behavior creates a puzzle for a classic 

interpretation of SET. As Social Exchange Theory (SET) posits that individuals seek to maximize their rewards while 

minimizing their costs (Homans, 1958), one would expect that increasing the reward for a particular behavior, such as 

offering payment for a prosocial act, would invariably lead to an increase in that behavior. For instance, in the context 

of blood donation, a straightforward application of SET would suggest that paying donors should lead to an increase 

in the willingness to donate. However, a substantial body of research, particularly within the domain of experimental 

economics and social psychology, reveals a far more complex reality regarding financial incentives and prosocial 

behavior. Titmuss (2018) articulated the concern that paying blood donors would reduce their willingness to donate. 

Subsequently, Frey and Oberholzer-Gee (1997) explored the "Not In My Backyard" problem, for which an increase 

in payment in exchange for establishing locally unwanted land uses backfired. People who were offered higher 

amounts for the siting of unwanted facilities had a lower willingness to accept the facility in their neighbourhood. This 

backfiring of financial incentives violates the main tenets of Social Exchange Theory. 

Gneezy and Rustichini (2000) offered a key experiment that details the crowding-out effect of incentives. They 

found that not paying led to higher task participation than paying a small amount. However, once payments exceeded 

a certain threshold, participation increased beyond the no-payment level. From this, Gneezy and Rustichini (2000) 

show that introducing payment fundamentally alters the task's nature. It shifts the exchange from a social exchange, 

driven by altruism, to an economic exchange, in which altruistic motives become less influential. 

We reconcile Social Exchange Theory with the backfiring of financial incentives in prosocial settings by arguing 

that the effectiveness of a financial incentive hinges on how it frames the exchange relationship (i.e., a social vs. an 

economic exchange). A key determinant of this framing is the relationship between the incentive provider and the 

beneficiary of the altruistic act (Honeycutt, 1981). When the provider of the financial incentive is also the direct 

beneficiary of the act (e.g., a company paying for a review to help itself), the exchange is reframed as economic 

exchange. The incentive is perceived as a direct payment for a service. 

In contrast, when the incentive provider is distinct from the beneficiary (e.g., a retailer offering an incentive for a 

review that helps other customers), the social exchange framework is preserved. In fact, the retailer portrays itself as 

an altruistic actor willing to sacrifice its resources to help other customers. Moreover, the reviewer's primary altruistic 

motive (i.e., helping a third party) remains salient (Table 1). As a result, financial incentives would be more likely to 

enhance rather than undermine altruism. 

H3: When the beneficiary of altruism is the provider of financial incentives, the increase in review decision due 

to financial incentives is smaller than when the beneficiary of altruism is a third party. 
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Table 1. The Beneficiary of Altruism Reinforcement, the Provider of Fnancial Incentives, and the Dominant 

Motivational Frame 

Beneficiary of 

Altruism 

Reinforcement 

Financial 

Incentive 

Dominant Motivational Frame Hypothesized Impact on Review Decision 

Company No Social Exchange (Altruism) Baseline 

Yes Economic Exchange 

(Transactional) 

Weak Positive (Dampened Effect) 

Other customers No Social Exchange (Altruism) Baseline 

Yes Social Exchange (Altruism) Positive 

 

To test this framework, we first performed a quasi-experiment with a major North American online retailer to 

test H2 (Study 1). Next, we tested H1 and H3 in a controlled experiment (Study 2).  

 

3. Study 1 

In this study, our objective is to test, in a real-life consumption environment where financial incentives are 

provided, whether altruistic reinforcement increases review decisions compared to no altruistic reinforcement (H2). 

3.1 Experimental Design 

We study the effect of altruistic reinforcement through review solicitation messages in a one factor (Altruistic 

reinforcement: helping the company vs. helping other customers vs. no altruistic reinforcement) between-subjects 

field experiment. We partnered with a major North American online retailer. The retailer sells apparel and sports goods 

from major brands (e.g. North Face, Adidas). The retailer already incentivizes its reviewers by sending them a review 

solicitation message after each purchase and offers them a $10 store credit after their review is published on the 

retailer’s platform. This “no altruistic reinforcement” group acts as our control group. Since the retailer had already 

been using the control review solicitation message for years, we refrained from completely changing the retailer’s 

message. 

We set the email title for the helping the company group as “Help us and receive $10 credit”. The email includes 

two main sentences for this condition, i.e., “We love to hear from you” and “Your review helps us improve our 

business.” For the helping other customers group, we set the email title as “Help other customers and receive $10 

credit”. The email content includes “Other customers love to hear from you” and “Your review helps other 

customers, like you, to make better purchase decisions." The choice of the phrase “like you” is informed by Batson, 

Lishner, and Stocks (2015) who argue that perceived similarity leads to higher altruism. Therefore, we used “like you” 

to augment altruistic reinforcement. 

3.2 Sample and Procedure 

Due to technical challenges on the retailer side, sending different review solicitation messages concurrently was 

impossible. As a result, we sent the review solicitation message for each condition sequentially, hence the quasi-

experimental nature of the study (Table 2). Previous field studies have also used different days for different conditions 

(e.g., Cabral and Li 2015). Note that the number of emails sent each day is based on the number of orders fulfilled on 

that day. Thus, we could not manipulate daily fluctuations in the number of sent emails.  

We collected the review data 91 days after the first review solicitation email was sent, meaning each review 

solicitation message had at least 88 days and, at most, 91 days to lead to a review decision. It also means that for some 

cases, a review was due to a reminder email sent after the treatment period and did not include the manipulated review 

solicitation message. Thus, we excluded those reviews from all groups to compile the set of valid emails (Table 2). 

For the “No altruistic reinforcement” group, of the 2160 valid emails sent, 486 reviews were written; for helping 

the company group, of the 1884 valid emails sent, 603 reviews were written; and for helping other customers group, 

of the 998 valid emails sent, 350 were written. 
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Table 2. Review Solicitation Messages for Study 1 

Altruistic 

reinforcement 

Email title Email content Date Emails sent Valid emails1 Reviews written 

No altruistic 

reinforcement 

Review 

your 

purchase 

and receive 

$10 credit 

Hello {customerName},  

You can receive a $10 credit, valid on your 

next purchase, by reviewing {productName}. 

Once published, you will receive an email 

confirming this fact, and the $10 credit will be 

added directly to your account. 

Please note, the credit will expire in 90 days 

from the date of the confirmation email. 

2022.10.24 2783 2160 486 

Help the company Help us and 

receive $10 

credit 

Hello {customerName}, 

We love to hear from you. 

Could you please take some time to write a 

review about {productName}? 

Your review helps us improve our business. 

You can receive a $10 credit after your review 

of {productName} is published. 

Once published, you will receive an email 

confirming this fact, and the credit will be 

added directly to your account. 

Please note, the credit will expire in 90 days 

from the date of the confirmation email. 

2022.10.25 2793 1884 603 

Help other 

customers 

Help other 

customers 

and receive 

$10 credit 

Hello {customerName}, 

Other customers love to hear from you. 

Could you please take some time to write a 

review about {productName}? 

Your review helps other customers, like you, 

make better purchase decisions. 

You can receive a $10 credit after your review 

of {productName} is published. 

Once published, you will receive an email 

confirming this fact, and the credit will be 

added directly to your account. 

Please note, the credit will expire in 90 days 

from the date of the confirmation email. 

2022.10.27 1726 998 350 

Total    7302 5042 1439 

Notes: 1 Excluding reviews generated from unrelated emails.
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3.3 Measures 

The dependent variable in Study 1 is review decision. It is a binary variable that takes the value one (zero) when 

the customer receives a review solicitation message and writes (does not write) a review on that email. We also 

calculated a series of reviewer-level control variables that measure historical behavior of a given reviewer. Average 

historical emails per order measures how many review solicitation emails, on average, the retailer sent for each 

previous order that a given customer made. Historical review count measures how many reviews a given customer 

had already written before the experiment began. Historical total emails measures the total number of review 

solicitation emails that the retailer had sent to the customer before the experiment began. Reviewer age aims to 

approximate the age of the reviewer on the platform by measuring the difference between the date of data collection 

and the date when a given customer received their first review solicitation message, in days. 

3.4 Results 

In the “No altruistic reinforcement” group, there are 2160 customers 22.50% (SD = 41.77) of whom decided to 

write a review. We have 1884 customers in the “helping the company” group, with 32.01% (SD = 46.66) writing a 

review. Finally, 998 customers are in the “helping other customers” group with 35.07% (47.74) review decision on 

average (Table 3. Descriptive Statistics for Review Decision by Altruistic Reinforcement3). 

 

Table 3. Descriptive Statistics for Review Decision by Altruistic Reinforcement 

Altruistic reinforcement n M SD 

No 2160 22.50% 41.77% 

Helping the company 1884 32.01% 46.66% 

Helping other customers 998 35.07% 47.74% 

Notes: n, M and SD represent sample size, mean, and standard deviation, respectively. 

 

Pearson correlation of the reviewer-level variables (Table 4) shows high correlation for historical total emails and 

historical review count (0.79) and historical total emails and reviewer age (0.70), which could lead to multicollinearity 

in regression analyses. We use Variance Inflation Factor to identify and discard variables with high multicollinearity. 

 

Table 4. Descriptives for Reviewer-level Variables 

Variable M SD 1 2 3 

1. Reviewer age 348.73 236.19 — —  —  

2. Historical review count 4.20 8.75 0.48** — — 

      [0.46, 0.50]     

3. Historical total emails 9.09 11.69 0.70** 0.79** — 

      [0.69, 0.71] [0.78, 0.80]   

4. Average historical emails per order 1.32 0.64 0.55** 0.28** 0.42** 

      [0.54, 0.57] [0.26, 0.30] [0.40, 0.44] 

** p < .01. 

Notes: M and SD are used to represent mean and standard deviation, respectively. Values in square brackets indicate 

the 95% confidence interval for each correlation. The confidence interval is a plausible range of population 

correlations that could have caused the sample correlation.  

 

We use logistic regression to model review decision because the review decision is a binary variable. Altruistic 

reinforcement is the independent variable, with historical review count, historical total emails, average historical 

emails per order, and the base-10 logarithm of reviewer age (reviewer agemin = 87, review agemax = 716, log(review 

age)min = 1.94, log(review age)max = 2.85) as control variables. 

In Model 1, the logistic regression shows high Variance Inflation Factor (VIF) for historical review count (4.020) 

and historical total emails (5.280), which suggests multicollinearity, so we remove these two covariates and re-run the 

test (Model 2). Model 2 shows that average historical emails per order has a significant positive effect on review 

decision (B = 0.878, Wald(1) = 109.996, p<0.001) such that for a unit increase in average historical emails per order, 

the odds of review decision increases by 140.7%. It also shows that the base-10 logarithm of review age has a 

significant positive effect on review decision (B = 1.509, Wald(1) = 162.970, p<0.001). Controlling for review age 

and average historical emails per order, altruistic reinforcement, specifically reinforcing helping the company motive 

(B = 0.47, Wald(1) = 37.79, p < 0.001, odds ratio = 1.60; Table 4, Model 2) and helping other customers motive (B = 
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0.81, Wald(1) = 77.78, p < 0.001, odds ratio = 2.24; Table 4, Model 2; Figure 1) significantly increases the odds of 

review decision compared to no altruistic reinforcement (i.e., offering financial incentives alone), which supports H2. 

One criticism of Model 2 could be potential for omitted variable bias. To verify whether this is the case, we run a 

ridge regression using all covariates. We tuned the regularization parameter 𝜆 via cross-validation, yielding 𝜆𝑚𝑖𝑛 = 

0.023. The ridge regression coefficients (Table 5, Model 3) are directionally consistent to Models 1 and 2, hence our 

interpretation of the results remain the same.2

 
2 We thank an anonymous reviewer for bringing this potential bias and the ridge method to our attention. 
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Table 5. Prosocial Reinforcement with Reviewer-level Covariates on Review Decision - Logistic Regression 

 Model 1 Model 2 Model 3 

(Ridge) 

 Source B SE Wald df p Odds 

ratio 

VIF B SE Wald df p Odds 

ratio 

VIF B 

Altruistic reinforcement=No — — 26.44 2 <0.001 —  1.01 —   — 84.67 2 <0.001 —  1.014 — 

Altruistic reinforcement=Helping the 

company 

0.38*** 0.09 16.05 1 <0.001 1.46 0.47*** 0.08 37.79 1 <0.001 1.60 0.36 

Altruistic reinforcement=Helping other 

customers 

0.52*** 0.11 21.46 1 <0.001 1.68 0.81*** 0.09 77.78 1 <0.001 2.24 0.48 

Average historical emails per order 1.15*** 0.12 97.59 1 <0.001 3.17 1.21 0.88*** 0.08 110.00 1 <0.001 2.41 1.193 0.27 

log(Reviewer age) 1.26*** 0.17 56.34 1 <0.001 3.51 1.93 1.51*** 0.12 162.97 1 <0.001 4.52 1.195 0.20 

Historical review count 0.38 0.01 617.78 1 <0.001 1.47 4.021 — — — — — — — 0.16 

Historical total emails -0.20 0.01 271.06 1 <0.001 0.82 5.281 — — — — — — — -0.04 

Constant -

5.96*** 

0.38 247.92 1 <0.001 <0.01 —  -

6.41*** 

0.29 486.64 1 <0.001 <0.01 —  -3.07 

Note. 1. Variance Inflation Factor (VIF) is high, suggesting multicollinearity.  
*** p < 0.001 
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Notes: Error bars: 95% CI 

Figure 1. The Effect of Prosocial Reinforcement on Review Decision 

 

3.5 Discussion 

Study 1 provides strong, real-world evidence that supplementing a financial incentive with a prosocial, altruistic 

message significantly increases review submission rates. This finding supports H2 and aligns with the foundational 

premise of Social Exchange Theory (SET) that multiple benefits (i.e., both economic and altruistic) can compound to 

increase the perceived value of an activity and encourage participation. From a practical standpoint, this result is 

highly valuable, demonstrating that a simple, low-cost modification to a review solicitation message can yield a 

significant uplift in user-generated content in a natural retail setting. 

While the ecological validity of this field study is a key strength, it has several limitations that warrant a more 

controlled investigation. First, the quasi-experimental design means group assignment was based on purchase date, 

which could introduce temporal confounds. Second, the heterogeneity in product prices across conditions could 

obscure or interact with the effects of the messaging. Third, and importantly, the altruistic reinforcement messages 

were inherently longer than the control message. It is therefore possible that the increased engagement was due to 

message length or increased salience rather than the prosocial content itself. 

Most critically, Study 1 was not designed to test our core theoretical extension regarding the identity of the 

beneficiary (H3). To address these limitations and, more specifically, to isolate the causal mechanism proposed in H3, 

we designed a controlled laboratory experiment for Study 2. This approach allows for true random assignment, holds 

product and pricing constant, and enables a direct comparison between the two types of altruistic appeals: helping the 

company versus helping other customers. 

 

4. Study 2 

4.1 Experiment Design 

Study 2 is a controlled experiment designed to achieve two goals. First, it formally tests the main effect of financial 

incentives on review intention (H1) and addresses the methodological limitations of Study 1 (e.g., non-random 

assignment, price heterogeneity). More importantly, it is designed to isolate and test the core causal mechanism of our 

theoretical extension of Social Exchange Theory: that the identity of the altruistic beneficiary moderates the effect of 

financial incentives (H3). By manipulating both the presence of an incentive and whether the beneficiary is the 

company or other customers, we can directly observe whether aligning the incentive provider with the beneficiary 

transforms the exchange from a social to an economic one, thereby dampening the incentive's effectiveness. 

We carry out a 2 (Altruistic reinforcement: helping the company vs. helping other customers) x 2 (Financial 

incentive: Yes vs. No) between-subjects experiment. For the altruistic reinforcement, we use the same treatment as 

Study 1 (Table 6). 

 



Journal of Electronic Commerce Research, VOL 27, NO 2, 2026 

Page 111 

Table 6. Review Solicitation Messages for Study 2 

Altruistic reinforcement Financial 

incentives 

Message 

Helping other customers No Other customers would love to hear from you. 

Could you please take some time to write a review for the 

product you purchased? 

Your review helps other customers, like you, make better 

purchase decisions.  

Yes Other customers would love to hear from you. 

Could you please take some time to write a review for the 

product you purchased? 

Your review helps other customers, like you, make better 

purchase decisions. 

You will receive a $10 credit for your effort after you submit 

your review. 

Helping the company No We would love to hear from you. 

Could you please take some time to write a review for the 

product you purchased? 

Your review helps us improve our business. 

Yes We would love to hear from you. 

Could you please take some time to write a review for the 

product you purchased? 

Your review helps us improve our business. 

You will receive a $10 credit for your effort after you submit 

your review. 

 

4.2 Sample and Procedure 

We initially recruited 300 U.S. participants (75 per condition) from Prolific, but after excluding those who 

took the survey more than once (i.e., had duplicate Prolific IDs), we were left with 258 participants. A power analysis 

was conducted using the pwr package in R to determine the minimum required sample size for detecting medium-

sized effects (f = 0.25;(Cohen, 2016)) with a power of 0.80 and an alpha level of 0.05. The analysis indicated that 

approximately 45 participants per cell (180 total) would be needed for sufficient statistical power in a 2×2 factorial 

ANOVA with four groups. Our final sample of 300 participants (75 per cell) thus exceeded this requirement, ensuring 

adequate power to detect not only main effects but also interaction effects of medium or smaller size. 

The participants received USD 1.50 for participating in the study. During the experiment, we used an attention 

check that explicitly asked the participants to answer “Strongly disagree” for one item. After excluding participants 

who did not finish the experiment, withdrew their consent, or failed the attention check, we were left with 236 valid 

participants (𝑀𝑎𝑔𝑒  = 32.94, 𝑆𝐷𝑎𝑔𝑒 = 10.98; 47.0% female).  

Participants were asked to imagine an online retailer from which they had previously bought products. Next, they 

were shown the following scenario: “You order the product below [a pair of gloves] from their website. After your 

order is delivered, you receive the following email from the online retailer.” They were randomly assigned to one of 

the 4 groups in Table 6 and saw their corresponding message. After reading the message, the participants expressed 

their review intention. 

4.3 Stimulus Development 

We ran a pretest to find a gender-neutral product. We chose this criterion to ensure that the product in the scenarios 

appeals to participants regardless of their gender orientation. We pretested 9 products from an online retailer’s catalog 

on gender orientation using 73 participants from Amazon Mechanical Turk. Forty-eight participants (25% female) 

passed the attention check. We selected the gloves (Figure 3), which scored high on gender neutrality in our pretest. 
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Figure 2. Product Shown in the Scenario in Study 2. 

 

4.4 Measures 

For the main experiment, after seeing the review solicitation email, participants were asked their review intention 

(“Would you accept to write a review?”) on a 5-point Likert scale (1= definitely not, 5 = definitely yes). Although the 

literature has various validated scales to measure review intention (Beldad & Voutsas, 2018; Rasool & Pathania, 2025; 

Tata et al., 2021), their conceptualization of review intention involves intention to write reviews in a relatively distant 

future (e.g., in the coming weeks; Beldad and Voutsas 2018), which is different from our conceptualization involving 

immediate decision to write a review.  

4.5 Results 

We performed manipulation checks to see whether the helping the company, other cutomers, and financial 

incentives motives have been successfully manipulated. The results show successful manipulation of our experimental 

groups (details in Appendix).Without financial incentives, the participants in the helping other customers group have 

an average review intention of 2.75 (SD = 0.97), whereas in the helping the company group, the average review 

intention is 2.95 (SD = 0.93). With financial incentives, the participants in the helping other customers group have an 

average review intention of 4.32 (SD = 0.72), whereas in the helping the company group, the average review intention 

is 3.95 (SD = 1.09; Table 7). 

 

Table 7. Means and Standard Deviations for Review Intention. 

  Financial incentive 

  No Yes 

Altruistic reinforcement M SD M SD 

Helping other customers 2.75 0.97 4.32 0.72 

Helping the company 2.95 0.93 3.95 1.09 

 Note: M and SD represent mean and standard deviation, respectively. 

 

A two-way ANOVA does not show any significant main effect of helping the company (vs. helping other 

customers) message on review intention (F(1, 232) = 0.486, p = 0.487, partial 𝜂2
𝑝
  = 0.002; Table 8) but shows 

significant positive main effect of financial incentives on review intention (B = 1.28, SE = 0.12, F(1, 232) = 110.654, 
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p<0.001, partial 𝜂2
𝑝
  = 0.323; Table 8; H1 supported). It also shows a significant interaction between altruistic 

reinforcement and financial incentives (F(1, 232) = 5.352, p = 0.022, partial 𝜂2
𝑝
 = 0.023; Table 8).  

 

Table 8. Fixed-Effects ANOVA Results using Intention to Write a Review as the Dependent Variable. 

Predictor SS df Mean Square F p partial η2 

Corrected Model 103.073a 3 34.358 39.088 <0.001 0.336 

Intercept 2874.556 1 2874.556 3270.339 <0.001 0.934 

Altruistic 

reinforcement 

0.427 1 0.427 0.486 0.487 0.002 

Financial incentive 97.262 1 97.262 110.654 <0.001 0.323 

Altruistic 

reinforcement x 

Financial incentive 

4.705 1 4.705 5.352 0.022 0.023 

Error 203.923 232 0.879    

Total 3191.000 236     

Corrected Total 306.996 235     

Notes: a R Squared = 0.336 (Adjusted R Squared = 0.327); 

 

Figure 3 illustrates that under financial incentives, reinforcing helping the company leads to lower intentions to 

write reviews than helping other customers. A simple contrast test shows that the increase due to financial incentives 

is significantly larger when helping other customers is reinforced compared to when helping the company is (Mean 

difference = 0.37, SE = 0.17, t = 2.14, p = 0.05). This supports H3. Additionally, this difference appears to diminish 

greatly in the no-incentive conditions. The contrast test shows that the difference between reinforcing helping the 

company versus other customers is not significant when no incentive is offered (Mean difference = -0.20, SE = 0.17, 

t = -1.14, p = 0.26). The significant interaction and the contrast tests corroborate H3. 

 

 
Notes: Error bars: 95% CI 

Figure 3. Interaction between Altruistic Reinforcement and Financial Incentives on Review Intention. 
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4.6 Discussion 

The results of Study 2 provide strong support for our theoretical framework. We find a significant positive main 

effect of financial incentives, supporting H1. More critically, the significant interaction between the incentive and the 

altruistic message provides direct evidence for H3 and our proposed extension of Social Exchange Theory. The finding 

that the financial incentive was significantly less effective when paired with a "help the company" appeal versus a 

"help other customers" appeal demonstrates that the identity of the beneficiary is a key moderator. This supports our 

central argument: when the incentive provider is also the beneficiary, the request is framed as a transactional economic 

exchange, which dampens the prosocial motive. Conversely, when the beneficiary is a third party, the social exchange 

frame is preserved, and the incentive acts as a complementary, rather than a conflicting, reward. 

An equally insightful finding is the lack of a significant difference between the two altruistic appeals in the 

absence of financial incentives. This suggests that, on its own, an appeal to help the company can be as effective as 

an appeal to help other customers. This aligns with our earlier conceptualization that "helping the company" may tap 

into altruistic motives. It is only when a financial payment is introduced that this relational appeal is re-contextualized 

as a transactional exchange. 

This study has several limitations. First, as a controlled experiment, we measured review intention rather than 

actual review-writing behavior, which limits the external validity of our findings. Second, while we controlled for 

product and price, the difference in message length between the incentive and no-incentive conditions remains a 

potential confound. Third, our research focuses on review quantity (i.e., the decision to write a review). A critical next 

step would be to analyze review quality, such as length, sentiment, and perceived helpfulness, to see if the motivational 

framing also impacts the content of the reviews submitted. Finally, our participants were from a single cultural context 

(i.e., US participants). Future research could explore whether these effects hold in more collectivist cultures where the 

norms of helping the community or a company may differ. 

 

5. General Discussion 

This research finds that altruistic reinforcement through review solicitation messages strongly impacts the 

decision to write reviews. We show that altruistic reinforcement can be an effective tool to increase review decisions, 

particularly in conjunction with financial incentives (Study 1). Importantly, we deal with a persistent challenge that 

retailers face. While financial incentives can boost the quantity of online reviews, they risk undermining the very 

prosocial motives that sustain a healthy review ecosystem. This research resolves this practical and theoretical paradox. 

Across a large-scale field study and a controlled experiment, we demonstrate that the effectiveness of combining 

financial and altruistic motives hinges on a simple but powerful factor: the identity of the beneficiary. We show that 

when an incentive is paired with an appeal to help a third party (other customers), it significantly increases the decision 

to write reviews. However, when paired with an appeal to help the incentive provider (the company), its positive effect 

is significantly dampened (Study 2). 

5.1 Theoretical Contributions 

This research makes several theoretical contributions to the literature on prosocial behavior, electronic word-of-

mouth (eWOM), and Social Exchange Theory (SET).  

First, and most importantly, we extend Social Exchange Theory (SET) to better explain the crowding-out 

phenomenon. A classic SET perspective (Homans, 1958) struggles to account for why a financial reward would 

decrease, rather than increase, participation in a prosocial task. We resolve this tension by introducing the identity of 

the beneficiary as a key boundary condition. Our findings demonstrate that when the incentive provider is also the 

beneficiary of the prosocial act (the company), the interaction is reframed as a transactional economic exchange, 

diminishing the effect of altruistic norms. However, when the beneficiary is a third party (other customers), the social 

exchange frame is preserved, allowing the financial incentive to act as a complementary reward. This contribution 

refines SET by proposing a specific mechanism that governs the transition between social and economic exchange 

paradigms in mixed-motive contexts. 

Second, we offer a more nuanced understanding of altruistic motives in eWOM. Prior research has often grouped 

motives like "helping the company" and "helping other consumers" under the general umbrella of altruism (e.g., 

Hennig-Thurau et al., 2004). Our results challenge this view, demonstrating that these motives function differently in 

the presence of incentives. We argue that "helping the company" can be rooted in relational norms like loyalty, which 

are vulnerable to being reinterpreted as transactional obligations when payment is introduced. In contrast, "helping 

other consumers" represents a form of third-party altruism that is more robust to the introduction of economic 

incentives. 

Finally, we contribute to the eWOM literature by offering a theoretical and practical solution to the incentive 

crowding-out problem (Babić Rosario, De Valck, & Sotgiu, 2020). While many studies have identified the risks of 

incentivizing reviews (e.g., Qiao et al., 2020), our work is among the first to empirically demonstrate a framing 
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strategy that systematically mitigates these risks, allowing firms to leverage incentives without undermining the 

community-oriented goodwill that is crucial for long-term platform health. 

5.2 Managerial Implications 

Our findings provide clear, actionable, and low-cost strategies for managers seeking to increase the volume of 

user-generated content. 

We find a straightforward primary directive. When offering a financial incentive, managers should frame the 

review solicitation message around helping other customers, not the company. The common appeal to "help us 

improve our business" is suboptimal and significantly dampens the effect of the incentive. As shown in our field study, 

emphasizing how a review helps other similar customers in making better decisions can increase review rates by more 

than 46% compared to a neutral request. Quantitatively, reminding customers that their review helps the company 

improve its business raises the odds of review submission by 60.1% (Table 4, Model 2). In contrast, highlighting 

benefits to other consumers boosts the odds by 124.5% (Table 4, Model 2). This stark difference underscores the power 

of altruistic framing as a cost-free means for increasing review rates. We recommend that companies reinforce altruism 

and ensure the beneficiary of altruism is a third party (e.g., other customers) in their business strategy. This helps 

maintain the customer-company relationship within the social exchange paradigm and improves the effect of financial 

incentives. 

To design more effective review solicitation strategies, managers should consider when to prioritize financial 

incentives versus altruistic reinforcement. For low-stakes or budget-constrained campaigns, reinforcing altruistic 

motives alone (particularly toward third parties) can drive reviews without the costs or potential crowding-out risks 

of incentives. In contrast, financial incentives may be more suitable for high-value transactions (Suryawan et al., 2023), 

but only when paired with other-focused altruism to preserve social exchange dynamics and mitigate backlash.  

Firms need to be extremely careful in crafting the altruistic message, as a wrong message (e.g., framing it as 

helping the company) can significantly reduce the value of financial incentives paid.This choice can vary by consumer 

and product category (K. Li et al., 2020; Weathers et al., 2015). For loyal or repeat customers, who often have stronger 

relational ties (X. Li et al., 2011; Zhang et al., 2021), company-focused altruism (e.g., "Help us improve") might 

suffice without incentives, leveraging existing trust. New or one-time buyers, however, respond better to third-party 

framing (e.g., "Assist fellow shoppers"), as it fosters a sense of community and reduces perceptions of economic 

manipulation.  

For experience goods like services or apparel, where personal insights are highly valued (Hao et al., 2010; 

Mudambi & Schuff, 2010; Zhu & Zhang, 2006), altruistic appeals toward others can enhance authenticity and volume. 

For search goods like electronics, where factual details matter more (Hao et al. 2010), combining incentives with 

neutral or company-focused messaging may yield quicker results, though testing is advised to avoid diminishing 

prosocial motives. Ultimately, we encourage A/B testing of these framings in email campaigns or app notifications, 

monitoring not just review volume but also quality and sentiment, to tailor strategies to specific contexts. 

5.3 Limitations and Future Research 

This research has limitations that present valuable opportunities for future inquiry. Our research focused on the 

effect of reinforcing altruism and the beneficiary of altruism on consumers' decisions. The scope of this research was 

in a specific context (i.e., product review solicitation message) using a particular product category (i.e., apparel). To 

further test the external validity of our findings, future work should investigate the effect of beneficiary of altruism in 

other contexts and for other product or service categories. Influencer marketing is a context that could benefit from 

altruism reinforcement since influencers are mostly incentivized, and their reviews are often perceived as biased 

(Gerrath & Usrey, 2021). Future research should investigate how reinforcing altruistic motives in influencers could 

help mitigate such biases. 

One potential limitation of our single retailer experimental setup is that these effects might be industry dependent 

or might vary in other cultures, as we tested the North American population. Future research should explore the 

differential effects of beneficiary of altruism in other cultural contexts, including cross-cultural settings. Moreover,  

incentive based reviews could also suffer from low effort or low quality (Khern-am-nuai et al., 2018), prompting 

future research could explore the effect of altruistic reinforcement and beneficiary of altruism on review length, 

valence, and helpfulness. 

Another context for the study of altruism reinforcement is donations in the health sector. It has been shown that 

most blood donors have altruistic motives (Kasraian & Maghsudlu, 2012), and incentives could crowd out their 

prosocial motives and reduce their contributions (Goette et al., 2010). Future research can incorporate reinforcing 

altruism where the beneficiary is a third party (e.g., patients) into incentivized donations to mitigate the negative 

impact of incentives. 

Finally, the rise of agentic AI and Large Language Models (LLMs) presents a novel methodological frontier for 

exploring behavioral dynamics in consumer behavior (Cillo & Rubera, 2025). Exploring LLMs as surrogate 
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consumers and how these new consumers respond to altruistic messaging is of theoretical and practical interest 

(Sarstedt et al., 2024). Current literature has already shown that Large Language Models can display behavior similar 

to humans in consumption settings and has provided statistically grounded frameworks for evaluating the behavior of 

LLMs (Wadi & Fredette, 2025). Future research can explore how altruistically motivated LLMs are and how altruistic 

reinforcement combined with financial incentives can alter their behavior. 

 

Acknowledgments  

The authors thank the Editor and the anonymous reviewers for their valuable feedback that shaped the paper. 

 

REFERENCES 

Alchian, A. A., & Demsetz, H. (1972). Production, information costs, and economic organization. The American 

Economic Review, 62(5), 777–795. 

Andreoni, J. (1989). Giving with impure altruism: Applications to charity and Ricardian equivalence. Journal of 

Political Economy, 97(6), 1447–1458. 

Andreoni, J., & Miller, J. (2002). Giving according to GARP: An experimental test of the consistency of preferences 

for altruism. Econometrica, 70(2), 737–753. 

Askalidis, G., & Malthouse, E. C. (2016). The value of online customer reviews. Proceedings of the 10th ACM 

Conference on Recommender Systems, 155–158. 

Babić Rosario, A., De Valck, K., & Sotgiu, F. (2020). Conceptualizing the electronic word-of-mouth process: What 

we know and need to know about eWOM creation, exposure, and evaluation. Journal of the Academy of 

Marketing Science, 48(3), 422–448. 

Batson, C. D., Lishner, D. A., & Stocks, E. L. (2015). The Empathy–Altruism Hypothesis. In The Oxford Handbook 

of Prosocial Behavior. Oxford University Press. https://doi.org/10.1093/oxfordhb/9780195399813.013.023 

Beldad, A., & Voutsas, C. (2018). Understanding the motivation to write reviews for mobile apps among German 

users: Testing the expanded theory of planned behavior using a structural equation modeling approach. Journal 

of Technology in Behavioral Science, 3(4), 301–311. https://doi.org/10.1007/s41347-018-0063-5 

Benlian, A., Titah, R., & Hess, T. (2012). Differential effects of provider recommendations and consumer reviews in 

e-commerce transactions: An experimental study. Journal of Management Information Systems, 29(1), 237–272. 

https://doi.org/10.2753/MIS0742-1222290107 

Berger, J. (2014). Word of mouth and interpersonal communication: A review and directions for future research. 

Journal of Consumer Psychology, 24(4), 586–607. https://doi.org/10.1016/j.jcps.2014.05.002 

Cabral, L., & Li, L. (2015). A dollar for your thoughts: Feedback-conditional rebates on eBay. Management Science, 

61(9), 2052–2063. 

Charness, G., & Rabin, M. (2002). Understanding social preferences with simple tests. The Quarterly Journal of 

Economics, 117(3), 817–869. 

Cillo, P., & Rubera, G. (2025). Generative AI in innovation and marketing processes: A roadmap of research 

opportunities. Journal of the Academy of Marketing Science, 53(3), 684–701. 

Cohen, J. (2016). A power primer. In A. E. Kazdin (Ed.), Methodological issues and strategies in clinical research 

(4th ed., pp. 279–284). American Psychological Association. https://psycnet.apa.org/record/2015-32022-018 

Cox, J. C. (2007). Trust, fear, reciprocity, and altruism: Theory and experiment. In S. H. Oda (Ed.), Developments on 

Experimental Economics: New Approaches to Solving Real-world Problems (pp. 75–90). Springer. 

https://doi.org/10.1007/978-3-540-68660-6_5 

Deci, E. L. (1971). Effects of externally mediated rewards on intrinsic motivation. Journal of Personality and Social 

Psychology, 18(1), 105–115. 

Deci, E. L. (1975). Intrinsic motivation and development. In Intrinsic Motivation (pp. 65–92). Springer. 

Dichter, E. (1966). How word-of-mouth advertising works. Harvard Business Review, 44, 147–166. 

Engel, J. F., Blackwell, R. D., & Miniard, P. W. (1995). Consumer behavior (6th ed). Dryden Press. 

http://www.gbv.de/dms/bowker/toc/9780030767517.pdf 

Fama, E. F., & Jensen, M. C. (1983). Separation of ownership and control. The Journal of Law and Economics, 26(2), 

301–325. 

Fehr, E., & Schmidt, K. M. (2006). The economics of fairness, reciprocity and altruism–experimental evidence and 

new theories. Handbook of the Economics of Giving, Altruism and Reciprocity, 1, 615–691. 

Filieri, R. (2015). What makes online reviews helpful? A diagnosticity-adoption framework to explain informational 

and normative influences in e-WOM. Journal of Business Research, 68(6), 1261–1270. 

Floyd, K., Freling, R., Alhoqail, S., Cho, H. Y., & Freling, T. (2014). How online product reviews affect retail sales: 

A meta-analysis. Journal of Retailing, 90(2), 217–232. https://doi.org/10.1016/j.jretai.2014.04.004 



Journal of Electronic Commerce Research, VOL 27, NO 2, 2026 

Page 117 

Fradkin, A., & Holtz, D. (2023). Do incentives to review help the market? Evidence from a field experiment on Airbnb. 

Marketing Science, 42(5), 853–865. 

Frey, B. S., & Oberholzer-Gee, F. (1997). The cost of price incentives: An empirical analysis of motivation crowding-

out. The American Economic Review, 87(4), 746–755. 

Garnefeld, I., Helm, S., & Grötschel, A.-K. (2020). May we buy your love? Psychological effects of incentives on 

writing likelihood and valence of online product reviews. Electronic Markets, 30(4), 805–820. 

https://doi.org/10.1007/s12525-020-00425-4 

Gerrath, M. H. E. E., & Usrey, B. (2021). The impact of influencer motives and commonness perceptions on follower 

reactions toward incentivized reviews. International Journal of Research in Marketing, 38(3), 531–548. 

https://doi.org/10.1016/j.ijresmar.2020.09.010 

Gneezy, U., Meier, S., & Rey-Biel, P. (2011). When and why incentives (don’t) work to modify behavior. Journal of 

Economic Perspectives, 25(4), 191–210. 

Gneezy, U., & Rustichini, A. (2000). Pay enough or don’t pay at all. The Quarterly Journal of Economics, 115(3), 

791–810. 

Goette, L., Stutzer, A., & Frey, B. M. (2010). Prosocial motivation and blood donations: A survey of the empirical 

literature. Transfusion Medicine and Hemotherapy, 37(3), 149–154. https://doi.org/10.1159/000314737 

Hao, Y., Ye, Q., Li, Y., & Cheng, Z. (2010). How does the valence of online consumer reviews matter in consumer 

decision making? Differences between search goods and experience goods. 2010 43rd Hawaii International 

Conference on System Sciences, 1–10. https://ieeexplore.ieee.org/abstract/document/5428408/ 

Hennig-Thurau, T., Gwinner, K. P., Walsh, G., & Gremler, D. D. (2004). Electronic word-of-mouth via consumer-

opinion platforms: What motivates consumers to articulate themselves on the internet? Journal of Interactive 

Marketing, 18(1), 38–52. 

Homans, G. C. (1958). Social behavior as exchange. American Journal of Sociology, 63(6), 597–606. 

https://doi.org/10.1086/222355 

Honeycutt, J. M. (1981). Altruism and social exchange theory: The vicarious rewards of the altruist. Mid-American 

Review of Sociology, 93–99. 

Hong, W., Chan, F. K. Y., Thong, J. Y. L., Chasalow, L. C., & Dhillon, G. (2014). A framework and guidelines for 

context-specific theorizing in information systems research. Information Systems Research, 25(1), 111–136. 

https://doi.org/10.1287/isre.2013.0501 

Jahan, N., & Kim, S. W. (2020). Understanding online community participation behavior and perceived benefits: A 

social exchange theory perspective. PSU Research Review, 5(2), 85–100. https://doi.org/10.1108/PRR-12-2019-

0036 

Jindal, N., & Liu, B. (2008). Opinion spam and analysis. Proceedings of the 2008 International Conference on Web 

Search and Data Mining, 219–230. https://doi.org/10.1145/1341531.1341560 

Kasraian, L., & Maghsudlu, M. (2012). Blood donors’ attitudes towards incentives: Influence on motivation to donate. 

Blood Transfusion, 10(2), 186–190. https://doi.org/10.2450/2011.0039-11 

Khern-am-nuai, W., Kannan, K., & Ghasemkhani, H. (2018). Extrinsic versus intrinsic rewards for contributing 

reviews in an online platform. Information Systems Research, 29(4), 871–892. 

Lawler, E. E. (1982). The strategic design of reward systems (Technical Report No. ADA132798). Office of Naval 

Research. https://apps.dtic.mil/sti/citations/ADA132798 

Li, K., Chen, Y., & Zhang, L. (2020). Exploring the influence of online reviews and motivating factors on sales: A 

meta-analytic study and the moderating role of product category. Journal of Retailing and Consumer Services, 

55, 102–107. 

Li, X., Hitt, L. M., & Zhang, Z. J. (2011). Product reviews and competition in markets for repeat purchase products. 

Journal of Management Information Systems, 27(4), 9–42. https://doi.org/10.2753/MIS0742-1222270401 

Li, Z., Wang, B., Prince, O., Le Texier, T., & Addai-Dansoh, S. (2025). Exploring perception of platform language on 

consumer decision making: A cognitive load perspective. Journal of Electronic Commerce Research, 26(1), 50–

68. 

Liu, X., Wu, X., Shi, W., Tong, W., & Ye, Q. (2022). The impacts of electronic word-of-mouth on high-involvement 

product sales: Moderating effects of price, brand origin, and number of customers. Journal of Electronic 

Commerce Research, 23(3), 177–189. 

Lu, Q., Ye, Q., & Law, R. (2014). Moderating effects of product heterogeneity between online word-of-mouth and 

hotel sales. Journal of Electronic Commerce Research, 15(1), 1–12. 

Lu, X., Li, Y., Zhang, Z., & Rai, B. (2014). Consumer learning embedded in electronic word of mouth. Journal of 

Electronic Commerce Research, 15(4), 300–316. 



Wadi et al.: The Interplay of Altruism and Financial Incentives 

 

Page 118 

Lysenstøen, C., Bøe, T., Hjetland, G., & Skogen, J. (2021). A review of the relationship between social media use and 

online prosocial behavior among adolescents. Frontiers in Psychology, 12, 579347. 

https://doi.org/10.3389/fpsyg.2021.579347 

Medill Spiegel Research Center. (2021, April 15). How online reviews influence sales. Medill Spiegel Research Center. 

https://spiegel.medill.northwestern.edu/how-online-reviews-influence-sales/ 

Mudambi, S. M., & Schuff, D. (2010). What makes a helpful online review? A study of customer reviews on Amazon. 

Com. MIS Quarterly, 185–200. 

Qiao, D., Lee, S.-Y., Whinston, A. B., & Wei, Q. (2020). Financial incentives dampen altruism in online prosocial 

contributions: A study of online reviews. Information Systems Research, 31(4), 1361–1375. 

Rasool, G., & Pathania, A. (2025). Word of mouse! What drives consumer voluntarism to write online reviews? 

Journal of Marketing Communications, 31(2), 231–259. https://doi.org/10.1080/13527266.2023.2230482 

Reimer, T., & Benkenstein, M. (2016). Altruistic eWOM marketing: More than an alternative to monetary incentives. 

Journal of Retailing and Consumer Services, 31, 323–333. https://doi.org/10.1016/j.jretconser.2016.04.003 

Sarstedt, M., Adler, S. J., Rau, L., & Schmitt, B. (2024). Using large language models to generate silicon samples in 

consumer and marketing research: Challenges, opportunities, and guidelines. Psychology & Marketing, 41(6), 

1254–1270. 

Smith, A. (2021, August 4). How the Right Incentive Can Help You Generate More Reviews. PowerReviews. 

https://www.powerreviews.com/blog/what-incentives-generate-reviews/ 

Stephen, A., Bart, Y., Du Plessis, C., & Goncalves, D. (2012). Does paying for online product reviews pay off? The 

effects of monetary incentives on content creators and consumers. SSRN Electronic Journal. 

Sundaram, D. S., Mitra, K., & Webster, C. (1998). Word-of-mouth communications: A motivational analysis. 

Advances in Consumer Research, 25(1), 527–531. 

Suryawan, T. G. A. W. K., Sumerta, I. K., Widiantari, A. P. S., & Abdullah, S. (2023). How product review, price and 

ease of transaction affect online purchase decision: Study of Bukalapak users in Gelgel Village, Bali. JBTI: Jurnal 

Bisnis: Teori Dan Implementasi, 14(1), 287–305. 

Tata, S. V., Prashar, S., & Parsad, C. (2021). Intention to write reviews: Influence of personality traits, attitude and 

motivational factors. Journal of Systems and Information Technology, 23(2), 218–242. 

Titmuss, R. M. (2018). The Gift Relationship: From Human Blood to Social Policy. Policy Press. 

Wadi, D., & Fredette, M. (2025). A Monte-Carlo Sampling Framework For Reliable Evaluation of Large Language 

Models Using Behavioral Analysis. Findings of the Association for Computational Linguistics: EMNLP 2025, 

9414–9432. 

Wang, J., Ghose, A., & Ipeirotis, P. (2012). Bonus, disclosure, and choice: What motivates the creation of high-quality 

paid reviews? ICIS 2012 Proceedings, 9. 

Wang, M., Lu, Q., Chi, R. T., & Shi, W. (2015). How word-of-mouth moderates room price and hotel stars for online 

hotel booking an empirical investigation with expedia data. Journal of Electronic Commerce Research, 16(1), 

72–80. 

Weathers, D., Swain, S. D., & Grover, V. (2015). Can online product reviews be more helpful? Examining 

characteristics of information content by product type. Decision Support Systems, 79, 12–23. 

Yoon, S.-J. (2012). A social network approach to the influences of shopping experiences on e-wom. Journal of 

Electronic Commerce Research, 13(3), 213–223. 

Zhang, N., Liu, R., Zhang, X.-Y., & Pang, Z.-L. (2021). The impact of consumer perceived value on repeat purchase 

intention based on online reviews: By the method of text mining. Data Science and Management, 3, 22–32. 

Zhu, F., & Zhang, X. (2006). The influence of online consumer reviews on the demand for experience goods: The case 

of video games. Proceedings of the 27th International Conference on Information Systems, 25. 

https://aisel.aisnet.org/cgi/viewcontent.cgi?article=1146&context=icis2006 

 

  



Journal of Electronic Commerce Research, VOL 27, NO 2, 2026 

Page 119 

APPENDIX 

Study 2 Manipulation Checks 

In Study 2, to assess the effectiveness of the experimental manipulations, we included three items adapted from 

Hennig-Thurau et al. (2004) designed to measure participants’ perceptions of the motives communicated in the review 

solicitation message. Participants responded to each item using a 5-point Likert scale (1 = strongly disagree, 5 = 

strongly agree). They were asked to indicate the extent to which they agreed with the following statements about the 

retailer’s email message. 

Review motive Manipulation check item 

Helping the company 
I am so satisfied with the company and its product that I want to help the 

company to be successful. 

Helping other customers  I can help others buy the right product. 

Financial incentives I can receive a reward for writing the review. 

 

We performed a series of Welch Two Sample t-tests to see whether the manipulation of financial incentives, 

helping the company and other customers was successful. Participants in the financial incentive group (M = 4.59, 

SD = 0.81) reported significantly greater financial incentives motive than those in the no incentive group (M = 1.99, 

SD = 1.28), t(195) = -18.65, p< .001, d = -2.44. Those in the helping the company group (M = 2.78, SD = 1.35) 

reported significantly greater helping the company motive than those in the helping other customers group (M = 

3.35, SD = 1.01), t(220) = 3.69, p < .001, d = 0.48. Finally, the participants in the helping other customers group (M 

= 4.23, SD = 0.81) reported significantly greater helping other customers motive than those in the helping the 

company group (M = 3.19, SD = 1.22), t(198) = -7.71, p < .001, d = -1.01. These results confirm successful 

manipulation of our experimental groups. 

 


